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FOCUS ON DATA QUALITY 

Analysts and the Data Quality Management Control Program 
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Poor data quality is of concern to Navy Medicine because of its potential impact on diverse interests within our enter- 
prise. The range of endeavors that data quality can impact include: funding mechanics (such as PPS); the evaluation of 
business programs and performance; medical surveillance; the monitoring of patient safety and quality in the clinical 
environment; and the development of satisfactory and predictive inventory management and business process models. 
Inaccurate or inadequate data can impair effective decision-making and hinder mission success. 



Data quality is most commonly characterized as issues 
of timeliness, completeness and accuracy. In addition, 
core characteristics of data quality include consistency, 
uniqueness and validity. In order to insure that data 
conform to these standards, a data quality management 
process must be in place to correct and prevent data 
errors and degradation at all points in the information 
process - from the point of data creation in a paper re- 
cord or transaction system to subsequent processing, 
repackaging, and use of the data. Moreover, adequately 
documenting processes and relating data definitions to 
those processes can tremendously improve confidence 
in, and correct the use and interpretation of, informa- 
tion derived from data. The cost of failure to imple- 
ment such processes is not insignificant: excessive 
labor spent evaluating and cleansing data is labor di- 
verted from other beneficial analysis that can support 
decision-making. 
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Data Quality Management Control Program 
(DQMCP) 

The Data Quality Management Control Program 
(DQMCP) was established to improve the overall qual- 
ity of financial and clinical workload data. The DQMCP 
provides command oversight and recommended struc- 
ture to improve the submission of complete, accurate 
and timely data and to assure uniformity and standard- 
ization of information across the MHS. The program 
is mandated by DoD Instruction 6040.40, Military 
Health System Data Quality Management Control Pro- 
cedures, which outlines how each MTF shall establish 
and effectively operate the DQMCP. The DQMCP is 
structured to address five overarching control points - 
each one equally supportive to the effectiveness of the 
program. The focus of each control point is noted be- 
low, as well as questions to consider regarding the risk 
to data analysis and decision-making if the DQMCP 
guidelines are not followed. 

Organization Factors: Leadership commitment and 
support are critical to assure the appropriate environ- 
ment for data quality. These control points focus on 
leadership awareness, appointing and training person- 
nel, as well as ensuring coding and billing plans are in 
place. How effective is the DQMCP without the Com- 
manding Officer's signature on the Data Quality State- 
ment or the right subject matter experts appointed to 
the Data Quality Assurance Team? 
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Data Input: Controls in this category are designed to 
insure data are entered into the application in an accu- 
rate, complete, and timely manner. These control points 
focus on data entry processes, current system versions/ 
upgrades, correction processes and re-transmission pro- 
cesses. Consider what would happen to data quality if 
appointments were not reconciled or if encounters were 
not properly coded in a timely manner? 

Data Output: These control points focus on the accu- 
rate and timely data transmission. These controls are 
especially vital to funding considerations. How is data 
quality impacted if financial and staffing reconciliation 
processes are not completed prior to data transmission 
or if duplicate records are not identified? What are the 
impacts of data transmission delays or records submit- 
ted with improper coding? 

Security: These control points focus on access controls. 
Controls in this category ensure that system access lev- 
els are appropriate for the responsibility of persons ac- 
cessing the system. What are the risks to data security 
and confidentiality if an administrative employee is as- 
signed the credentials of a provider? 



System Design, Development, Operation and Educa- 
tion/Training: Controls in this category are intended 
to ensure that systems meet user needs, are developed 
economically, are thoroughly documented and tested, 
and contain appropriate internal controls. These control 
points focus on system operations, utilization, training 
and enhancement. How are data systems and data qual- 
ity improved when personnel receive system training, 
when there is a process to suggest system enhancements 
to improve efficiency, when there is a mechanism to ad- 
dress system issues/malfunctions, and when operation 
contingency plans are in place and used if the system 
goes down? 

What do the DQMCP Metrics Impact? 

Each DQMCP control point, as well as metrics designed 
to monitor and demonstrate progress towards data qual- 
ity, are outlined in the MTF DQMC Review List. These 
MTF-level metrics are reported on the Commanding Of- 
ficer's monthly Data Quality Statement and submitted 
to and tracked by higher headquarters. The table below 
notes each metric reported, the source of data used to 
populate these metrics, and which category of opera- 
tions is impacted by metric performance. 





Source 


Impact 


Data Quality Metric 


Type* 


Category** 


1. Compliance with "End of Day" processing 


V 


W/F/C/H 


requirements and the reconciliation of pending 






appointments 






2. Coding timeliness: outpatient encounters; 


V 


W/F/C/H 


ambulatory procedure visits; inpatient dispositions 






3. MEPRs reconciliation 


V 


W/F 


4. Compliance for timely submission of data 


V 


W/F/H 


5/6/7. Documentation availability and coding accuracy 


s 


W/F/C/H 


8. DD FM 2569 - Other healthcare insurance 


s 


C 


9. Comparison of workload data 


V 


W/F 


10. AHLTA utilization 


V 


W/C/H 


11. Potential duplicate patients 


s 


W/F/C 


12. Commander's awareness 


s 


W/F/C/H 



* Source type codes: S=self-reported; V=data validation. Data Validation is accomplished via E- 
DQ Website. 

** Impact category codes: W=workload; F=funding/cost/stajfing; C=third-party collections; and 
H=healthcare delivery. 
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How Can Analysts Help Improve Navy Medicine's 
DQMCP? 

Create data validation reports. Data analysts can sup- 
port data quality improvement by assessing the preci- 
sion, accuracy, representativeness, comparability, and 
completeness of the data. For example, a software issue 
with the AHLTA/ADM "Write Back" process was often 
noted as justification in the Data Quality Statement for 
poor performance on coding compliance metrics. How- 
ever, an analysis of the actual error process codes in- 
dicated the AHLTA/ADM "Write Back" software issue 
only contributed to one percent of "Write Back" errors. 
Instead, the overwhelming majority of errors were due 
to clinic non-compliance with coding guidelines. Now, 
MTFs report specific clinics who are implementing best 
practices to improve coding accuracy and timeliness. 

Create data surveillance reports. Data Analysts can 
also play a key role in improving data quality metrics 
by using both local and central databases to create sur- 
veillance reports that identify areas that may have a 
negative impact in achieving leadership's goals. For ex- 
ample, the coding community has identified two areas 
that will impact the accuracy of workload this year: Ob- 
servation Workload Capture and Consultation Coding, 
both of which will no longer be recognized in the MHS 
(MHS Coding Guidelines Professional Services and 
Specialty Coding Guidelines Version 3.4). Both of these 
areas can be easily monitored by creating surveillance 
reports focused on the specific evaluation and manage- 
ment (E&M) codes designated to capture all future ob- 
servation and consultation services. 

Be a proactive DQAT member. Ongoing data analysis 
is a key component of any successful data quality as- 
surance team (DQAT). Analysts who are interested in 
improving the quality of data in their command should 
attend the TRICARE Data Quality Course, which con- 
sists of 3 days of briefings and sessions on various data 
quality topics, as well as hands-on training. Additional 
information about this training course and the specific 
topics covered can be found at http : //www, trie are . mil/ 
ocfo/mcfs/dqmcp/training.cfm . 

Make it a better program. The analytic community is 
often acutely aware of how deficiencies in data qual- 



ity can impact sound analysis for management and de- 
cision-support. Using this knowledge, analysts are en- 
couraged to recommend new data quality metrics that 
are meaningful and support the leadership's initiatives 
and goals. 

SKILLS AND METHODS 

- THE ROLE OF VALIDITY IN EVALUATING 
DATA QUALITY 

Data Quality indicates whether the data are accurate, 
complete, and on time. Many analysts also include a 
fourth aspect - are the data used appropriately in an 
analysis? This fourth aspect of data quality, often termed 
validity, is an attribute of the analysis or study itself. 

Validity 

Validity, like the term data quality, is used all the time, 
but different people use the term to mean different 
things. Usually, an adjective is put in front of validity to 
narrow which meaning is intended, and analytic studies 
are credible only when they fulfill many of these vari- 
ous meanings. Often, the word construct refers to the 
underlying intangible concept one is striving to study, 
and validity will relate to that concept. 

The table on the next page provides common meanings 
of validity and examples of how they would be inter- 
preted in a study using the construct of "Access". For 
these examples, access is defined as the timely avail- 
ability of medical care to beneficiaries when they need 
it. Note that in this definition, a beneficiary who opts not 
to get care can still have adequate access, even though 
no care is delivered. In these examples, access is mea- 
sured as the length of time between when an appoint- 
ment is booked in CHCS and when the appointment 
date is reached - one of the primary methods currently 
used to assess access. The second method of measur- 
ing access is to survey patients about their ease in ob- 
taining appointments, a method which produces sharply 
different results depending on whether all beneficiaries 
or only those patients who got CHCS appointments are 
included. 
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Type of Validity 


Explanation 


Access Illustration 


Face Validity 


The measuring method seems 
reasonable. 


Surveying potential patients to see 
whether they can get appointments 
when they need them is reasonable, 
while measuring time between 
appointing and treating in CHCS 
seems less reasonable. 


Construct Validity 


The thing being measured is the same or 
a close match/correlation to the 
construct sought. 


If we use CHCS time to encounter 
(measured from when the 
appointment date was entered), it 
mismatches because the clock only 
begins when the appointing clerk 
schedules the appointment, not 
when the patient's medical need is 
determined. The survey of patients 
does not have that problem. 


Convergent Validity 


Various ways to measure the same 
construct correlate with each other. 


Since patient surveys and CHCS 
measures of access differ 
dramatically in their findings, 
convergent validity is lacking. 


Divergent Validity 


There is not high correlation with 
measures that logically should not 
correlate with the construct. 


Logically, the day of the month 
should not correlate with access. 
Because CHCS provider templates 
are often opened one month at a 
time, there is an observed 
correlation between measured 
access and the date on which the 
appointment was entered. This 
correlation contradicts divergent 
validity. 


Content Validity 


The measured item is logically related to 
the construct sought. 


Utilization (sometimes called 
"realized access") is not logically 
related to whether people cannot 
get care when needed (access), 
since it includes only those who 
could get care. It violates content 
validity because it has no 
information concerning those who 
could NOT get care. 


Reliability 


The measurement is replicable or 
repeatable and produces nearly the same 
result. 


Necessary but insufficient for 
validity. Biased measures will still 
generate consistent answers, even 
though they are wrong. For 
example, CHCS-measured access 
will tend to always be less than the 
length of time for which 
appointment templates are opened 
into the future. 


External Validity 


The ability to extrapolate results from a 
study to a generalization about a larger 
group. 


Random samples usually have 
external validity, but convenience 
samples (such as only those patients 
who got CHCS appointments) tell us 
nothing about those who did not get 
appointments. 
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Examples of Various Validity Relationships 

Construct validity occurs if these groups exactly overlap: 




People with 
CHCS 
appointments 




People who 

need 
medical care 




External i/o//d/ty occurs when findings about the group on the left apply to the group on the right: 




People with 
CHCS 
appointments 




People who had 
to wait for a new 
template or who 
could not get an 
MTF appointment 




Convergent validity occurswhen both methods produce similar results. Reliability occurswhen nearly 
identical measures are obtained over a time or sample interval. Both examples below show reliability, 
even though one or both sets of measures may be inaccurate: 




People with 
CHCS 
appointments 

Method 1 




Tl: 


75% 


T2: 


73% 


T3: 


74% 




People who 

need 
medical care 

Method 2 




Tl: 66% 
T2: 64% 
T3: 63% 



Data Quality and Validity 

Misrecording or degradation of measurements directly 
harms the validity of studies that depend on the mea- 
surements. If data are incomplete, the "averages" found 
may be biased and have no external validity because the 
cases with missing data could be greatly different than 
those that had data present. This is true for "holes" in the 
database, but especially true for maturation loss - when 
the data are missing because they will be late-arriving. 
Those missing records may represent the most complex 
cases, which are poorly represented by the simpler cases 
already on hand. 



In summary, reaching valid conclusions that are appli- 
cable to the real world in general, requires both data 
quality in the measurements and all forms of validity in 
the study design. 
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DATA AND INFORMATION SYSTEMS 

There are a number of reporting requirements associated 
with MHS data that directly impact the timeliness, com- 
pleteness, and accuracy of the data. The Unified Biosta- 
tistical Utility (UBU) workgroup is responsible for pub- 
lishing reporting guidelines for encounter data ( http:// 
www.tricare.mil/ocfo/bea/ubu/coding_guidelines.cfm ). 
and the MEPRS Management Improvement Group 
(MMIG) ( www.meprs.info ) is responsible for publish- 
ing reporting guidelines for MEPRS data. These report- 
ing guidelines discuss the rules that MTFs are supposed 
to follow in terms of clinical coding, timesheet report- 
ing, frequency of submission, and other characteristics 
of MTF data. 

Direct Care Inpatient Data 

The Standard Inpatient Data Record (SIDR) should 
be coded for all inpatient stays and provided to HA/ 
TMA within 30 days of discharge. Practically, however, 
SIDRs are only processed once per month (beginning 
on the 10th of each month.). On that day, all SIDRs re- 
ceived from the previous month are batched together 
and processed into the MDR and M2 and visible to users 
around the third week of each month. SIDRs that are not 
received by the 1 0th of the month are not included in the 
monthly batches that are processed, even if the 30 day 
standard is met. Not all MTFs meet the 30 day comple- 
tion guidance, notwithstanding the processing delays. In 
fact, SIDRs are generally not complete for a discharge 
month until five to six months have elapsed. However, 
SIDR completion and timeliness of reporting should not 
be ensured at the sacrifice of data accuracy. SIDRs serve 
many important purposes which require that the data on 
them by as accurate as possible. MTFs must do a random 
sample of SIDRs each month and check the electronic 
coding against the medical record, reporting to BUMED 
and HA/TMA the results of the random review. 

Direct Care Ambulatory Data 

The Standard Ambulatory Data Record (renamed the 
Comprehensive Ambulatory Provider Encounter Re- 
cord, or CAPER) should be provided from MTFs for 
each ambulatory visit, inpatient rounds visit, document- 
ed telephone consult, or monthly case management as- 
sessment. Note that there are no specific requirements 
for the submission of SADRs representing the profes- 



sional services associated with inpatient surgical care. 
There are different timeliness requirements for SADR, 
depending upon the type of care. For most care, the 
SADR is expected to be coded and transmitted to TMA 
within one day of the visit. Ambulatory procedure 
visit timeliness requirements are within three days of 
the visit. SADR processing begins each Tuesday in the 
MDR; CAPER processing each Thursday. Each batch 
of records contains those that have been received since 
the previous processing cycle. The SADR database typi- 
cally completes faster than the SIDR database, within 
about three months of care delivery. SADRs are also 
randomly sampled for coding accuracy. 

Purchased Care 

The incentives for completion of purchased care claims 
records (timely payment) are much stronger than for di- 
rect care (policy guidance). For this reason, most pur- 
chased care claims are received quickly. Furthermore, 
since purchased care claims result in the transfer of 
payment for services, there are certain data elements 
(procedure codes, specialty, place of service) which 
are usually of high quality. The completeness of claims 
data depends on the type and source of care, as well as 
whether or not the patient has other health insurance. 
In cases where there is other health insurance, the other 
payer usually pays first, and TRICARE is the second 
payer, resulting in delays in the receipt of claims. For 
all purchased care, the complexity of care generally in- 
fluences data completeness and timeliness. Pharmacy 
claims are the quickest to arrive, where as claims for 
complex inpatient cases are generally the slowest to ar- 
rive. Purchased care data are processed monthly, begin- 
ning on the first of the month, with each batch including 
all claims received the prior month. 

Tools for Analyzing Data Quality 

M2 contains record-level data from MTFs and also 
from the private sector, making it an ideal tool for data 
quality evaluation. The ad-hoc capabilities can be used 
to study anything from how many men a MTF reports 
having babies to the usage of E&M codes by providers. 
M2 also contains many standard reports (i.e., corporate 
reports) intended to aid in understanding the quality of 
MTF data. Note that none of the reports address pur- 
chased care data quality. M2 standard reports related to 
the evaluation of data quality include: 
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MTF Inpatient Completeness Report: Compares the 
number of dispositions reported in SIDRs, MEPRS and 
the Worldwide Workload Report (WWR). 

MTF Ambulatory Completeness Report: Compares the 
numbers of ambulatory encounters reported in SADR 
(Count versus Non-Count), MEPRS (Count) and WWR 
(Count) 

MTF Ambulatory Completeness Action Report: Pro- 
vides record-level detail of missing ambulatory encoun- 
ter records. Includes the CHCS Appointment Identifier, 
Provider Identifier, MEPRS Code and estimates of lost 
RVUs associated with missing records. 

Ungroupable MS-DRGs: Indicates records for which 
the HA PPS budgeting system will not allow reimburse- 
ment (i.e., charity care). This report includes a record 
identifier (patient registry number) to enable MTFs to 
correct records, and it provides an estimate of the cost 
of the care. 

Unspecified Provider Specialty Codes: Indicates re- 
cords for which the HA PPS budgetary mechanism will 
not provide reimbursement to MTFs due to a lack of 
specificity. 

Case Management SADRs: Indicates case management 
records that are not properly coded according to UBU 
Coding Guidelines. 

Costs with No Staff: Indicates MEPRS Codes where 
workload or costs are reported, but staff is not reported. 

NEW KNOWLEDGE 

- UNDERSTANDING MDC 23 

The MHS has a consistently growing population, which 
leads to increasing utilization and costs. Evaluation of 
the underlying trends in utilization and cost can raise 
flags about the quality and validity of the data. In re- 
cent years, ambulatory encounters for Major Diagnostic 
Category (MDC) 23 - Factors Influencing Health Status 
and Other Contacts with Health Services have been in- 
creasing at a rate much higher than encounters for any 
other MDC* This article analyzes some of the factors 
that contribute to the growth in this non-specific MDC. 

Ambulatory encounters at Navy MTFs have grown by 
about one percent per year since fiscal year 2005, which 



is consistent with population growth over that period.** 
However, since fiscal year 2008, ambulatory encounters 
for MDC 23 have grown at a rate of 9 percent per year, 
while encounters for all other MDCs have grown at a 
rate under 2 percent per year. MDC 23 accounted for 46 
percent of encounters at Navy MTFs in fiscal year 2005, 
but accounted for more than half of all encounters in 
fiscal year 2010. 

MDC 23 is made up of over 1,000 unique diagnosis 
codes, but relatively few diagnosis codes contributed to 
the observed trend. Encounters for influenza vaccines 
and health examinations (including Post Deployment 
Health Assessments and Re-Assessments) combined to 
account for more than half of the increase in encoun- 
ters for MDC 23 at Navy MTFs. Given the outbreak of 
HlNl towards the end of fiscal year 2009 and the Navy 
Medicine focus on caring for sailors returning from de- 
ployment, this increase seems appropriate. 

However, another large contributor to the increase in 
encounters for MDC 23 is more troubling. Encounters 
for "Unspecified administrative purposes" (ICD-9-CM 
code: V68.9) have increased at a rate of 22 percent per 
year between fiscal years 2008 and 2010, and this diag- 
nosis code contributed to nearly 20 percent of the in- 
crease in encounters for MDC 23. The use of such un- 
specific codes can be easily abused when not enough 
information is available to accurately complete an en- 
counter record. One MTF provider logged over 6,000 
encounters with this diagnosis code and earned over 
19,000 Total RVUs in fiscal year 2010. 

The large increase in the number of MTF encounters for 
MDC 23 can be partially explained by some diagnosis 
codes that one would expect to increase over the given 
time period. However, data quality managers should 
carefully evaluate unspecific diagnosis codes that are 
growing in use, as their use might be an indicator of 
invalid data. 

*Major Diagnostic Categories (MDCs) are 25 mutually exclusive diagnostic 
categories that are derived from the primary ICD-9-CM diagnosis on record 
and generally correspond to the body system and etiology of the primary di- 
agnosis. MDCs can be found in direct care and purchased care data, as well 
as in inpatient and ambulatory records, making them ideal for comparisons 
across multiple sectors of care. 

* All data reported were obtained from files in the MHS Mart (M2). 
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TIPS AND TRICKS: 

- USING "MATCHES PATTERN" IN QUERY 
CONDITIONS: M2/BUSINESS OBJECTS 

Data Quality managers and evaluators often use M2 to 
detect data errors or to monitor progress towards data 
quality goals. Along with other M2 users, evaluators of 
data quality make valuable use of the condition operator 
"Matches Pattern" (or its near opposite "Different from 
Pattern"). 

"Matches Pattern" and "Different from Pattern" allow 
the user to put "wildcards" into conditions placed on 
Business Objects dimensions, so that only parts of the 
record's value for that dimension need to be matched, 
ignoring the parts that are not relevant. A "%" is a wild- 
card of any length (including no length at all) while a 
" " indicates exactly one character long which can be 
anything. Note that conditions can also be placed on 
Business Objects measures, but they require more so- 
phisticated techniques and "Matches Pattern" is not ap- 
plicable to measures. 

These two operators are generally used to fulfill four 
categories of data need purposes: 

1. One purpose is to find records where the data entry 
person might have miskeyed or failed to include the 
final part of a field. For example, an inpatient diagno- 
sis of immature newborns requires that the diagnosis 
field include the birth weight range of the baby. This 
5-digit diagnosis code starts with "765", but the last 
two digits are needed to more narrowly define how 
underweight the baby is. Without the last two digits, 
this diagnosis code is invalid and records containing 
it are unusable. The analyst can retrieve all records 
where the diagnosis in the inpatient record "matches 
pattern 765% ". This will provide all records for im- 
mature newborns, and the analyst can then identify 
those missing the next two digits of the diagnosis 
code as problem records. 

2. A second purpose is to find records where only part 
of the field is important in retrieving the desired re- 
cords. For example, the analyst or data quality man- 
ager may want only records from same-day surgery 
(ambulatory procedure units). By policy, these units 



have MEPRS codes that start with B and end with 5. 
The desired records could be found using "MEPRS-4 
Code matches pattern B 5 ". Note that it is impor- 
tant to have the two underscores between the "B" and 
the "5", so that exactly two characters are skipped in 
the pattern. Another example is to retrieve all records 
where the primary diagnosis is not really a diagnosis 
at all (i.e., diagnosis codes starting with "V") by us- 
ing "Diagnosis 1 matches pattern V% ". A third ex- 
ample is to retrieve all records where an ambulatory 
(MEPRS B) clinic is reporting laboratory or radio- 
logical procedures which can be found using Proce- 
dure Code matches pattern with a "7%" (radiology) or 
"8%" (laboratory/pathology) in the procedure fields. 

3. A third purpose is to find records where there is ex- 
pected to be some specific content inside the dimen- 
sion value, but exactly where it will appear is uncer- 
tain. For example, drugs that contain insulin in their 
name can be found in PDTS using "Product Name 
matches pattern %INSULIN%". Similarly, civilian 
trauma patients whose names are known but easy to 
misspell can be found by looking for unusual key let- 
ter combinations from the patient's name anywhere in 
the patient name dimension. 

4. A fourth purpose is to sample records because the 
10,000 BOXI row limit (or 500,000 Business Objects 
5.1 row limit) is insufficient to gather all the needed 
data. To remedy this, the analyst can draw a random 
sample and hope it is representative of the larger num- 
ber of records that were prevented by the row limit. 
For example, "Person ID matches pattern %5_ " will 
draw a 10 percent sample of all patients in the data set 
(the "5" is arbitrary - any one digit could be used), 
while "Person ID matches pattern %45_ " will draw a 
1 percent sample (again, the '45' is arbitrary). In this 
case, the final underscore is needed to avoid using the 
final digit of the Person ID, because that digit is NOT 
randomly distributed. 

Collectively, the use of conditions with "Matches Pat- 
tern" (or "Different from Pattern") is a powerful tool for 
data quality evaluation. (Caution: the "Different from 
Pattern" will not retrieve records that have a null value 
for that dimension. When using this operator, the analyst 
should include "Or is null" as an additional condition.) 
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WHAT'S COMING UP? 

At the end of April, the Managed Care Forecasting and 
Analysis System (MCFAS) tool shut down. MCFAS 
projects the number and location of people eligible for 
medical benefits in the MHS. Currently, some of the 
MCFAS data are available in M2 under the Eligibil- 
ity/DEERS Person Detail and Eligibility/MCFAS class 
folders. Details on which MCFAS data elements are 
available can be found in the M2 data dictionary and 
functional specifications at http://www.tricare.mil/ocfo/ 
bea/functionalspecs.cfm . 

The Clinical Data Mart (CDM) is also scheduled for 
decommission at the end of the fiscal year. The CDM 
is the clinical reporting tool for AHLTA and provides 
access to clinical patient data from AHLTA's Clinical 
Data Repository. The CDM is currently used by Navy 
Medicine stakeholders to look up clinical information 
about patients, to develop clinical measures for Perfor- 
mance-Based Budgeting, and to evaluate the efficacy 
of certain programs (e.g. Medical Home). The CDM is 
particularly valuable, because it provides worldwide ac- 
cess to AHLTA's clinical information such vital signs, 
lab values, radiology reports, alcohol and tobacco use, 
as well as provider text notes. Navy leadership is cur- 
rently considering access alternatives to the CDM data, 
and more information will be forthcoming. 

NOTED PUBLICATIONS 

Coding complexity: US health care gets ready for the 
coming of ICD-10. 

Meyer H. 

Health Affairs . 2011 May;30(5):968-974. 

This recently published article describes how US health 
care providers and insurers are preparing for the feder- 
ally-required expansion of the system used to code di- 
agnoses and procedures for billing and other purposes. 
The current system of classifying diagnoses and proce- 
dure - know as ICD-9-CM - will switch to a dramati- 
cally different and expanded ICD-10 coding system on 
October 1, 2013. The greatly expanded ICD-10 cod- 
ing system will allow far more precision and specific- 
ity about both disease conditions and the health care 
interventions provided to patients. The author discusses 



how many sectors of US health care are bracing for the 
conversion, as all aspects of clinical and business opera- 
tions will be impacted by this coding change. 

Read more about this publication at http://www.ncbi. 
nlm.nih.gov/pubmed/2 1555481 . 

KNOWLEDGE SOURCES 

Below are upcoming training courses for professional 
growth and development. 

Training Courses 

June 20-24, 2011: WISDOM - San Antonio, TX 
http://www.tricare.mil/ocfo/bea/wisdom.cfm 

June 28-29, 2011: TRICARE Financial Management 
Education Program (TFMEP) Executive Course - 
Bethesda, MD 

http://www.tricare.mil/ocfo/privatesector/tfmep/ 
descriptions, cfm 

July 1 1 - 1 5 , 20 1 1 : WISDOM - Falls Church, VA 
http://www.tricare.mil/ocfo/bea/wisdom.cfm 

August 2-3, 2011: Advanced MEPRS Workshop 
(QUEST) - San Antonio, TX 
http ://www.meprs . info/quest, cfm 

September 20-22, 2011: Data Quality Training Course 
- Alexandria, VA 

http://www.tricare.mi1/ocfo/mcfs/dqmcp/t 



IN THE NEXT ISSUE... 



The next issue of Healthcare Analytics in Navy 
Medicine will focus on defining and identifying 
beneficiary populations. Understanding the num- 
ber and location of people eligible for medical 
benefits is essential to accurate planning and bud- 
geting for direct and purchased care services, as 
well as understanding the changing medical needs 
of a population. The next issue will highlight cur- 
rent population issues and feature skills and tools 
available to analysts to address these issues. 
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